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From 2% to 5% of global GDP

is lost to money laundering every year*

*Source : The United Nations Office on Drugs and Crime (UNODC) 



Description of The Current Situation

• Detection is limited to known behaviours

• Detection today only produces alerts on known scenarios.

• The fast changing world of financial crime

• Rule based models generates too much false positive alerts
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Intelligent Compliance

Use intelligent compliance tools to identify hidden and

emerging risks and protect against them.



The growing scale and complexities of AML/CFT efforts

will require more advanced data analysis and intelligent

automation than traditional systems can provide.
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Artificial Intelligence Application in AML



Machine Learning (ML)

Machine learning is an application of artificial intelligence (AI) that

provides systems the ability to automatically learn and improve

from experience.
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Stages of designing a ML Model

• Data gathering

• Data preparation

• Data exploration

• Features selection

• Training

• Testing

• Deployment



Thresholds

• Let your detection engine set your thresholds optimally

and automatically.

• Support above-the-line and below-the-line methods for

initial threshold setting and ongoing retesting and tuning.
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Figure 1. A machine learning model can provide more productive alerts on 

suspicious activity by considering mor e complex relationships.

Machine learning for anomaly detection

AML programs are based on the concept of finding suspicious activity, but there’s no 

objective defin ition of “suspicious.” That’s a problem for supervised machine learning, 

which needs to learn from labeled examples, such as “suspicious” or “not suspicious.”

Anomaly detection techniques address this issue by identifying observations that 

appear mathematically “distant” from the expected − dif erent either from their own 

historical activity or the current activity of peers. The outliers − behavior outside the 

norm − might warrant a closer look. With little direction and no labeled data, anomaly 

detection methods can spot potentially suspic ious activity not defined in a rule.

Figure 2. A simple, conceptual example of outlier detection based on two variables.

An Asia Pacific region 

bank reduced false 

positives by 33% by 

developing an alert 

scoring and “hiberna-

tion” approach for 

predicting worthy 

investigations.

A Tier 2 regional US 

bank modernized  

its rules-based AML  

transaction monitoring 

system by deploying  

a SAS® neural network 

model, which reduced 

work items by 50% 

and increased SAR 

conversion rates  

from 5% to 15%.



The Opportunities of ML Model

1. Reduce false positives by 30% - 40%. 

2. Increase low-touch closing of alerts by 40%. 

3. Improve investigation efficiency by 25%. 



The Challenges of ML Model

1. The necessary knowledge, people and systems are not in place. 

2. Training data is difficult. 

3. Machine learning models tend to be “Black Box” systems. 



Model Risk

Model risk refers to losses arising from the incorrect design / 

use the model.
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Will Machine Learning Replace Compliance Professionals?



Thank you


